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Compiling dictionaries for semantic attribute analysis of television news caption
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Fig.1 Indexing considering correspondences be-

tween indices and image contents.
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Table 1 Example of determination of stem’s meaning by the suffix.
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Fig.2 Example of caption analysis referring to suf-
fixes.
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Table 3 List of extracted personal nouns (Top 30).
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1 0O 75 14 000 8
2 0O 57 14 0O 8
3 00 51 14 0O 8
4 00O 32 19 00O 7
5 0O 26 20 OO0 6
6 00O 21 20 OO 6
7 0O 16 20 OO0 6
7 00O 16 20 OO 6
9 0O 15 20 OO0 6
10 OO 14 20 O 6
11 00 13 20 OO0 6
12 00 10 27 OO0 5
13 00 9 27 OO 5
14 00O 8 27 OO0 5
14 0O 8 27 00 5
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Table 4 Number of collected personal nouns: Num-
bers of classes and sub-classes indicate those
that extracted words listed in the thesaurus

belong to.
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Table 2 Personal noun extraction rules:

Extract the underlined word from a

sequence that matches the following patterns of both words and mor-
phemes. “07” denotes that any word or morpehme is applicable. Patterns
for both RWC corpus and Kyoto University corpus are shown, since they
have different morphological systems. The extraction example shows the
result from automatic morphological analysis performed by the Japanese

morphological analysis system JUMAN.
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Table 5 Locational/organizational noun extraction rules.
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Table 6 List of extracted locational/organizational
nouns (Top 30).

o0 000000 00000 o0ooooo o0
1 0O 163 16 OO 28
2 0O 108 16 0O 28
3 0 78 18 00O 27
4 00 60 19 0O 25
5 0O 46 20 OO 23
6 00O 43 20 O 23
7 0O 39 22 00O 22
7 00O 39 22 0O 22
7 0O 39 24 0O 20
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11 0O 36 25 00 19
12 00 31 25 00O 19
13 0O 30 28 0O 18
14 00O 29 28 O 18
14 00O 29 28 0O 18
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Table 7 Number of collected locational/ organiza-
tional nouns.
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Table 8 Temporal noun extraction rules.
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Table 9 List of extracted temporal nouns (Top 30).
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8§ OO 65 23 00 22
9 0O 54 24 00 20
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11 0O 46 26 0O 16
12 00 45 26 OO 16
13 00 43 26 OO 16
14 0O 40 29 OO 15
15 0O 31 29 00O 15
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Table 10 Number of collected temporal nouns.
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Fig.3 Analysis process by combination of JUMAN

and the proposed method.
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Table 11 Result of personal caption analysis by the
created dictionary: N.ON,,Oand N, stand
for numbers of correct, mistaken, and over-
sight answers, respectively.

N. N,, N, | 00O ooo
ooooooooo | 210 54 79.6%  68.9%
JUMANOOOOO 33 45 42.3%  10.8%

oo 243 99 62| 71.1% 79.7%
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Table 12 Result of locational/organizational caption
analysis by the created dictionary.

N. N, N, | OO0 0OO

000000000 | 307 491 — | 385%  46.9%
JUMANOOOOD | 220 12 94.8%  33.6%
oo 527 503 127 | 51.3% 80.5%

013 0O0OO0OO0O0OoOooooooooooao
Table 13 Result of temporal caption analysis by the
created dictionary.

N. N, N,| 000 000
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JUMANOOOOO 17 0 100.0%  10.0%
oo 159 221 11| 41.8% 93.5%
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Table 14 Reasons of mistakes and oversights.
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Table 15 Result of caption analysis by manually cre-

ated dictionary.

N, N, N, 0oo 0oo
0o 243 93 62 72.3% 79.7%
(£0) (-6) (£0) | (+1.2%) (£0.0%)
534 172 120 75.6% 81.7%
noood (+7) (-331)  (-7) | (+24.3%) (+1.2%)
oo 159 29 11 84.6% 93.5%
(£0) (-192) (40) | (+42.8%) (£+0.0%)
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